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(Face recognition rate comparison with distance change using embedded
data in stereo images)
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Abstract

In this paper, we compare face recognition rate by PCA algorithm using distance change and embedded data being
input left side and right side image in stereo images. The proposed method detects face region from RGB color space to
YCbCr color space. Also, The extracted face image’s scale up/down according to distance change and extracts more
robust face region. The proposed method through an experiment could establish standard distance (100cm) in distance about
30~200cm, and get 99.05% (100cm) as an average recognition result by scale change. The definition of super state is
specification region in normalized size (92x112), and the embedded data extracts the inner factor of defined super state,
achieved face recognition through PCA algorithm. The orignal images can receive specification data in limited image's size
(92x112) because embedded data to do learning not that do all learning, in image of 92x112 size averagely 99.05%, shows
face recognition rate of test 1 99.05%, test 2 9893%, test 3 98.54%, test 4 97.85%. Therefore, the proposed methed through
an experiment showed that if apply distance change rate could get high recognition rate, and the processing speed
improved as well as reduce face information.
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Table 2. Recognition rate comparison of proposed method,
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Table 3. Recognition rate comparison by distance of
proposed method.
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Table 4. Recognition rate comparison of proposed

method.
349 | pea Are
T 231 2432 A¥3 A4
0 99.70 99.70 960 99.20 99.00
100 99.40 99.40 99.40 99.00 98.70
150 99.20 99.20 99.20 98.80 98.60
200 99.10 99.10 99.00 98.70 98.20
250 99.00 99.00 9830 98.50 97.70
300 98.30 9B.30 B.70 98.20 97.20
350 9B.70 98.70 B 98.00 97.00
400 B 98.50 98.20 97.90 96.40
ks 9.05 99.05 98.93 9854 97.85
1200.00
1000.00
= ——PCA
T 800.00
§ s GEA( 4
§ £00.00 ctHz
o b EAZ
400.00 ———ctH4
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Pao &
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Fig. 14. Comparison of learning time.
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Table 5. Comparison of distance measurement.

ZRE A&A 4379 L3+&
A 0.5(m) 0.521(m) 42(%)
B 0.7(m) 0.719(m) 2:7(%)
C 0.9(m) 0.8%4(m) -06(%)
D 1.1(m) 1.078(m) -0.7(%)
E 1.5(m) 1.491(m) -0.6(%)
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