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The Design of Adaptive Component Analysis
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Abstract

This paper proposes ACA (Adaptive Component Analysis) as a method for feature
extraction and ana!ysis of the content-based image retrieval system. For satisfactory
retrieval, the features extracted from images should be appropriately applied according to
the image domains and for this, retrieval measurement is proposed in this study.
Retrieval measurement is a standard indicating how important the value of a relevant
feature is to image retrieval. ACA is a middle stage for content-based image retrieval and
it purposes to improve the retrieval speed and performance.
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1. £58 8%
Table. 1 Extracted feature values

elephant1 | elephant2 | sunrisel sunrise2
0.007256 {0.010512}0.011997
15.10043 | 4,114359 | 9.598219
1033.768 | 102.413 {671.1883
135899 |4784.825 | 86265.66
0.266783 | 0.486662 | 0.393538
0.197341 | 0.425388 | 0.326644
0.175924 {0.399114}0.301631
8.303061 | 6,538828|7.190078
0.00066 |0.002663(0.001818
155.8916 | 63.36117 | 128.7607
3545511 | 838.2135 | 2636.845
-0.89025 [-0.73357 | -1.01866
-0.07291 | -0.01369 | -0.28252
7.154242 16,179106 | 6.540205
157.415 | 765.06527 | 161.5775
3505.844 | 1144.876 | 5568.192
-0.95021 | -1.08508 | -0.8101
0.171621 | 0.238632 | -0.89846
6.488817 | 5.751626 | 5.822311
147.974 |110.58741180.0759
3133.742 | 2983.527 ; 5094.638
~0.93713 }-0.36479 | -1.11494
0.284006 | -0.11799 | -0.33356
6.603996 | 6.652801 | 4.380464
163.2378. | 5.424357 | 45,6864
4509.369 | 27.27821|627.5718
-0.74744 | 1.361749(0.718468
-0.61803 |2.695332 | 0.924858
6.14866 |3.852498| 6.0538

bear plane
0.011667 [ 0.039329 | 0.006349
9.9528386.953416  14.14066
394.897 {340.1106 | 740.5048
31083.74} 24312.82 | 80316.17
0.328676 | 0.5512231 0.234536
0.262639(0.514417 | 0.162503
0.241578| 0.500383 | 0.142506
7.6324925.795243 | 8.305728
0.0016971 0.00986 | 0.000521
10 }{98.62105| 113.026 | 141.1869
1316.122| 1395.72 | 2220.035
12 |-0.85365 [ -1.60724 | -1.26661
13 [1.2188922.546381) 1.322461
14 |6.599119(5.699109 | 7.002664
15 |115.2812106.4303 | 134.5993
16 |1747.05811326.358 | 1901.885
17 }-1.17015|-1.43932 | -1.46825
18 {0.807423|2.749683 | 2.164897
19 | 6.08816 |5.206094 | 6.243372
20 |109.0983| 83.9858 | 166.9861
21 |1883.805(912.0326 | 2914.266
22 | -0.4011 | -0.28088 | -1.29727
23 |1.211156[5.268593 | 1.598472
24 |[6.105464|5.306955 | 6.42613
25 |72.50407|149.6561 | 122.9626
26 |822.5183|2655.017 | 2831.508
27 1-0.41821(-1,87386 | -0.14804
28 {1.074619]2.024221 | -0.02451
29 16.134785}5.468434 | 6.823505
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fig. 7 Distribution of random genes for calculation of
entropy and distribution of genes of dominant traits after
alternation of generation
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Table. 2 Searched optimize block

Zigke | AdRls AR 25 o= =25
1 5 0.223529 | 0.823529 | 0.164473
5 0.349020 | 0.894118 | 0.211042

5 0.462745 | 0.749020 | 0.423156

2 6 0.274510 | 0.713725 | 0.274147
6 0.423529 | 0.752941 | 0.379427

6 0.474510 | 0.709804 | 0.529612

6 0.509804 | 0.835294 | 0.295193

3 9 0.435294 | 0.713725 | 0.462018
9 0.447059 | 0.768627 | 0.37306

9 0.498039 | 0.701961 | 0.625293

4 14 0.474510 | 0.705882 | 0.529612
5 17 0.400000 | 0.737255 | 0.399493
17 0.486275 | 0.721569 | 0.495451

6 25 0.498039 | 0.717647 | 0.570593
7 56 0.498039 | 0.713725 | 0.586614
8 99 0.494118 | 0.698039 | 0.633343

9 211 0.494118 | 0.698039 | 0.633343
10 336 0.498039 | 0.698039 | 0.633343
15 3888 0.498039 | 0.698039 | 0.633343
20 4722 0.498039 | 0.698039 | 0.633343
30 4958 | 0.498039 | 0.698039 | 0.633343
50 4605 0.498039 | 0.698039 | 0.633343
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Table. 3 Feature Value of Test image

No. | sample1l | sample2 No. | sample1 | sample2
1 | 0.330385 | 0.101820 16 | 0.049207 | 0.239264
2 10.128104 | 0.757758 17 10.048849 | 0.333607
3 | 0.200723 | 0.717963 18 10.807240 | 0.233827
4 [0.148378 | 0.424531 19 ]0.501959 | 0.881412
5 | 0.888742 | 0.136107 20 [0.248525| 0.755349
6 | 0.892158 | 0.119897 21 |0.024365| 0.353387
7 | 0.885375 | 0.112715 22 10.162525 | 0.245687
8 | 0.297577 | 0.861229 23 105260701 0.198794
9 | 0.174549 | 0.010848 24 |0.399297 | 0.753450
10 | 0.669617 | 0.865151 | | 25 |0.973109 | 0.744200
11 | 0.170524 | 0.643342 26 {0.281123] 0.644189
12 | 0.004765 | 0.391895 27 | 0.000000 | 0.347912
13 | 0.830790 | 0.180550 28 10.225398 | 0.018648
14 | 0.462020 | 0.876707 29 |0.663451 | 0.944448
15 | 0.613411 | 0.822846
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