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Abstract

In this paper, we constructs face database by using wavelet comparison, and compare face recognition rate by using
principle component analysis (Principal Component Analysis : PCA) algorithm. General face recognition method constructs
database, and do face recognition by using normalized size. Proposed method changes image of normalized size (92x112) to
1 step, 2 step, 3 steps to wavelet compression and construct database. Input image did compression by wavelet and a face
recognition experiment by PCA algorithm. As well as method that is proposed through an experiment reduces existing
face image’s information, the processing speed improved. Also, original image of proposed method showed recognition rate
about 99.05%, 1 step 99.06%, 2 step 98.93%, 3 steps 9854%, and showed that is possible to do face recognition
constructing face database of large quantity.

Keywords : Wavelet Compression, Face Recognition, PCA, Eigenvalue, Eigenvector
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