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Sentence Abstraction : Sentence Revision with Concept Abstraction

Tttt

Gon Kim' - Jae-Gun Yang'' - Jae-Hak J. Bae'"" - Jong-Hyeok Lee

ABSTRACT

Sentence abstraction is a simplification of a sentence preserving its communicative function. It accomplishes sentence revision and concept
abstraction simultaneously. Sentence revision is a method that resolves the discrepancy between human’s thoughts and its expressed semantic
in sentences. Concept abstraction is an expression of general ideas acquired from the common elements of concepts. Sentence abstraction selects
the main constituents of given sentences and describes the upper concepts of them with detecting their semantic information. This enables sen-
tence revision and concept abstraction simultaneously. In this paper, a syntactic parser LGPI+ and an ontology OfN are utilized for sentence
abstraction. Sentence abstracter SABOT makes use of LGPI+ and OfN. SABOT processes the result of parsing and selects the candidate words
for sentence abstraction. This paper computes the sentence recall of the main sentences and the topic hit ratio of the selected sentences with
the text understanding system using sentence abstraction. The sources are 58 paragraphs in 23 stories. As a result of it, the sentence recall
is about 54~72% and the topic hit ratio is about 76~86%. This paper verified that sentence abstraction enables sentence revision that can select
the topic sentences of a given text efficiently and concept abstraction that can improve the depth of text understanding.

7I9ic : EFF A% (Sentence Abstraction), EB Y (Sentence Revision), JEF A3 (Concept Abstraction)
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LEFT-WALL Mike and Paul had.v been.v close.n friends.n ever since their high school days.n .
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], connection(10-13, d-[m, c, their(_G1329), days(n))),
], connection(9-13, j-[pl, since(_G1296), days(n))),
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m}, connection(1-4, s-[s], mike(_G1119), had(v))},
), connection(0-1, w-[d], ‘left-wall'(_G1089), mike(_G1091))),
| connection(0-14, rw-[], ‘left-wall'(_G1059), ‘right-wall'(_G1061)))]
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LEFT-WALL Mike and Paul had.v been.v close.n friends.n ever since their high school days.n .
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7 8 9 10 11 12 13 14

[sent(1, 1/2) : [ affect_state ([ friend, social, sympathetic]) : friends / { mike <= paul ),

state ([ identity, absolute, relation )

sent(1, 2/2) :

o

1

ei= MR,
@A (Leve) &
(Root)= 3

(
e 345

tio

F gk ol @ F43
ZHgozd Jbsst FRENY A4
Left-Wal)ol 458 Aza 2, H49st
F#o] A vehdt,

Mike and Paul had been close friends ever since their high school
days. But now Mike wanted Paul out of town for a few days
so that uld build a io in Paul’ kvard ur-
prise birthday present. He suggested to Paul that he get away
for a weekend, but Paul n't interested. On another
occasion Mike casually spoke about the joys of fishing or camp—
ing trips. But Paul told him he enjoyed puttering around the
house much more. Paul was getting very settled in his old age.

(38 5) F4sE 2

Ho

[sent(1, 1/2) : [affect_state([friend, social, sympathetic]) :
friends / (mike < paul),

state([identity, absolute, relation]):

been/ (mike < paul)],
[cue_phrase([temporal, durative]) :

[ever, sincel/ (mike < paul)]]

sent(1, 2/2) :

[sent(2, 1/2) : [affect_state([requirement, conceptional,
prospective]) : wanted/ (paul < mike),
delta(space) : [out, of, town]/ (paul < mike),
delta(time) : days/ (paul < mike),
cue_phrase([temporal, repetitive]) :
[but, nowl/ (paul « mike)],
[affect_state([wonder, contempiative]) :
surprise/ (paul < mike),
affect_state([giving, intersociall) :
present / (paul <~ mike),
delta(space) : patio/ (paul < mike),
delta(space) : backyard/ (paul <—mike),
event([production, power, causation]) :
build/ (paul < mike),
cue_phrase([causal, specific, purpose]) :
[so, thatl/ (paul < mike)]]

sent(2, 2/2) :

(38 6) st E¢

Ho

[ cue_phrase ([ temporal, durative])

: peen/ ( mike < paul )],

: [ever, since]/ ( mike <> paul )]]

EF47| SABOTY &8
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=5 wyg i

T4F47] SABOTS 9% 74352 e 4 239
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itk SABOTo| &< AT A7} (29 6)o Bt
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