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In this paper, we propose the bias compensation methods and the eigenvoice method using the mean of
dimensional eigenvoice to improve the performance of rapid speaker adaptation based on eigenvoice under
mismatch between training and test environment. Experimental results for vocabulary-independent word
recognition task (using PBW 452 DB) show that the proposed methods yield improvements for small
adaptation dala. We obtained about 22~30% relative improvement by the bias compensation methods as
amount of adaptation data varied from 1 to 50, and obtained 41% relative improvement in error rate by the

eigenvoice method using the mean of dimensional eigenvoice with only single adaptation word.
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ASK subject classification: Speech signal processing (2.5)
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