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Abstract This paper describes the hybrid document summarization using the indicative
summarization and the query-based summarization. The learning models are built from learning
documents in order to extract topic phrases. We use Naive Bayesian, Decision Tree and Supported
Vector Machine as the machine learning algorithm. The system extracts topic phrases automatically
from new document based on these models and outputs the summary of the document using
query-based summarization which considers the extracted topic phrases as queries and calculates the
locality-based similarity of each topic phrase. We examine how the topic phrases affect the
summarization and how many phrases are proper to summarization. Then, we evaluate the extracted
summary by comparing with manual summary, and we also compare our summarization system with
summarization method from MS-Word.
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