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Abstract In this study, we deal with face recognition using fuzzy-based Fisherface method. The
well-known Fisherface method is more insensitive to large variation in light direction, face pose, and
facial expression than Principal Component Analysis method. Usually, the various methods of face
recognition including Fisherface method give equal importance in determining the face to be
recognized, regardless of typicalness. The main point here is that the proposed method assigns a
feature vector transformed by PCA to fuzzy membership rather than assigning the vector to particular
class. In this method, fuzzy membership degrees are obtained from FKNN(Fuzzy K-Nearest Neighbor)
initialization. Experimental results show better recognition performance than other methods for ORL
and Yale face databases.
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