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Finding Complex Features by Independent Component Analysis

ZRF 529 AREE M=o vEkl=s §Z2
theBdg FE5ls simple cellzt SRS SZof 2Sst
= complex cell2 PREICE 53], 31 AB2 MES2
HeEZe FE0IN, d9 ABcz #r=E SESE
F&sl= MES0| EXfEi). of A= Y
SRYEEME X&sl01 complex cellol| CHSSH= SEE
E3g FEoict of Zs AATE Mz FEAZ|
off et LAoj it osHE 7IRteR AILEEAR| 21
2IES Ji¥st= o 7]0{& Ziolct

Sang-Hoon Oh (shoh@mokwon.ac.kr)
Div. of Information Communication & Radio Eng.

Keyword : Visual Features, Independent Component, Analysi
Complex Features
Abstract

Neurons in the mammalian visual cortex can be
dassified into the two main categories of simple cells and
complex cells based on their response properties. Here,
we find the complex features comesponding to the
response of complex cells by applying the unsupervised
independent component analysis network to input images.
This result will be helpful to elucidate the information
processing mechanism of neurons in primary visual
cortex.
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