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2 ANake AAAY J1Ee) Hul FAANE HEY
54% A4 gon, ANAEE Bl BF gE 3
oz FeiA A oo, B =FoAE FAGY ASA 2Hol 9@ ¥ 2] wsl P gL 2499 T
Be A583, 2D Gabor WE o 49lel ¥R AHZRE 54 ®e FEVT AYBHIAE correlation A4E o
st A2 TE A9 54 gl del GARE ZPHT Y B gL 2E BYS A Hed, oy, 349 BHE A
A 2ol Gadl tal Ao ge U4 gadz AReEz 094 d FEL J25 ¥ 4 Ak AVY LuYEY
F84e FAs7) A8 o 10%0] Hah 534 AP dlolEuolxel dal AAT A3t 90% ol4e] ¥e ANEE
Agte,

£ eRoldk Agd AULE, 4595 S4& olgatd A

Abstract

This paper deals with the iris recognition as one of biometric techniques which are applied to identify a person using
his/her behavior or congenital characteristics. The iris of a human eye has a texture that is unique and time invariant
for each individual. First, we obtain the feature vector from the 2D iris pattern having a property of size invariant
and divide it into 24 sectors which are further through three types of 2D Gabor filters. At the recognition process, we
compute the similarity measure based on the correlation values. Here, since we use three different matching values
obtained from three different directional Gabor filters and select the maximum value among them, it is possible to
minimize the recognition error rate. To show the usefulness of the proposed algorithm, we applied it to a biometric
database consisting of 50 iris patterns extracted from 10 subjects and finally get more higher than 90% recognition
rate.
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Fig. 1. Structure of human eye
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Fig. 6. 2D Gabor filter at 8 =45

323 7. Gabor ¥H %3 $9] G 6=0"
Fig. 7. Image after 2D Gabor filtering( 8 =0")

a8 4. =049 2D Gabor ZE ] Adss
Fig. 4. 2D Gabor filter at 6 =0°

a2 5 =909 2D Gabor ¥EQ] HAEgS
Fig. 5. 2D Gabor filter at 8 =90°
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2% 8. Gabor HE| E3F F9 44 6=90"
Fig. 8. Image after 2D Gabor filtering( 8 =90")

32! 9. Gabor 9E] 3 $9 G 0=45")
Fig. 9. Image after 2D Gabor filtering( § =45")
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Fig. 14. Flowchart for proposed iris recognition system
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Table. 1. Similarity using the correlation coefficients

T Jlﬂ Bl |Cl|Dl|El|F1l}|Gl|H|I J1

Al 0.6710|0.8106|0.5258 | 0.6183} 0.6614 | 0.5946 107333} 0.5372 0.4971
A2 0.7255|0.7616 | 0.6243 | 0.6227 | 0.7013| 0.6115 ] 0.7668 | 0.5392| 0.4114
A3 0.7684 |0.8076 | 0.6497 | 0.6371 | 0.7236 | 0.6302 | 0.7762 | 0.5341 | 0.4510
A4 10.7029|0.7145|0.7022| 0.44190.719510.6352 1 0.7052 | 0.5436 | 0.4599
A5 0.8084 | 0.77900.6680 | 0.6023 | 0.6015| 0.6720| 0.744810.484510.5122
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Table. 2. Personal identification for 10 subjects
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