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Abstract Every baseball game generates various records and on the basis of those records,
win/lose prediction about the next game is carried out. Researches on win/lose predictions of
professional baseball games have been carried out, but there are not so good results yet. Win/lose
prediction is very difficult because the choice of features on win/lose predictions among many records
is difficult and because the complexity of a learning model is increased due to overlapping factors
among the data used in prediction. In this paper, learning features were chosen by opinions of baseball
experts and a heuristic function was formed using the chosen features. We propose a hybrid model
by creating a new value which can affect predictions by combining multiple features, and thus
reducing a dimension of input value which will be used for backpropagation learning algorithm. As
the experimental results show, the complexity of backpropagation was reduced and the accuracy of
win/lose predictions on professional baseball games was improved.

Key words : machine learning, heuristic, hybrid model, pro-baseball
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