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Abstract

One of the important fields for heuristic algorithm is how to balance between Intensification and Diversification.
Ant Colony Optimization(ACO) is a new meta heuristic algorithm to solve hard combinatorial optimization
problem. It is a population based approach that uses exploitation of positive feedback as well as greedy search.
It was first proposed for tackling the well known Traveling Salesman Problem(TSP). In this paper, we deal
with the performance improvement techniques through balance the Intensification and Diversification in Ant
Colony System(ACS). First, State Transition considering the number of times that agents visit about each edge
makes agents search more variously and widen search area. After setting up criteria which divide elite tour
that receive Positive Intensification about each tour, we propose a method to do addition Intensification by the
criteria. Implemetation of the algorithm to solve TSP and the performance results under various conditions are
conducted, and the comparision between the original ACS and the proposed method is shown. It turns out that
our proposed method can compete with the original ACS in terms of solution quality and computation speed
to these problem
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