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Fig. 1 The principle of Laminography
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Fig. 2 The X-ray cross-sectional imaging system
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Table 1 clustering error at different number of neuron

Number of neuron Clustering error
5 34.3%
6 10.1%
7 4.5%
8 9.8%
9 8.1%

(c) I 7 JHE*
Fig. 6 Prototypes of clustering neural network
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Table 2 Classification results of training patterns

Q| NS 1 A E NC

I 64 64 1

A 50 50

E 46 46

Total success rate : 1-1/160 = 0.99375(99.375%)

Q: quality, NS : no. of samples, NC : no. of confusion
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Table 3 Classification results of test patterns

Q NS 1 A E NC

I 17 16 i 1

A 21 2 19

E 22 22 0

Total success rate : 1-3/60 = 0.95(95%)

Q: quality, NS : no. of samples, NC : no. of confusion
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Table 4 Classification results of LVQ II

(a) results of training patterns

Q | NS 1 A E NC
1 64 59 5
A 50 2 46 2 4
E 46 1 45

Total success rate : 1-10/160 = 0.9357(93.57%)

Q: quality, NS :no. of samples, NC : no. of confusion

(b) results of test patterns

13

Q | NS 1 A E NC
I 17 14 3 3
A 21 4 17
E 22 2 20

Total success rate : 1-9/60 = 0.85(85%)

Q: quality, NS :no. of samples, NC : no. of confusion
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Table 5 Classification results of MLPI

(a) results of training patterns

Q| NS 1 A E NC

I 64 61 3 3

Al 50 2 48 1 3

E 46 2 44 2
Total success rate : 1-8/160 = 0.95(95%)

Q: quality, NS :no. of samples, NC : no. of confusion

(b) results of test patterns

Q] NS I A E NC

I 17 15 2

A 21 3 17 1 4

E 22 1 20 1
Total success rate : 1-7/60 = 0.8833(88.33%)

Q: quality, NS :no. of samples, NC : no. of confusion
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