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Abstract

In this paper, we propose a design method of the LVQ network using the SOM. The proposed

method determines subclasses and initial reference vectors of the LVQ network using the SOM.
The efficacy of the proposed method is verified by means of simulations on iris data of Fisher and
character recognition. The results show that the proposed method improves considerably on the

performance of the conventional LVQ network.
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Table 1. Fisher’s Iris Data Set(mm).

Setosa Versicolor Virginic
Sepal | Sepel | Petal | Petal | Sepel | Sepel | Petal | Petal | Sepal | Sepel | Petal | Petal
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Setosa Versicolor Virginic
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