Ao H B4 2T B4 AY PEel ) # OF A7) s 339

AdH 54e 2 B4 A9 wyel A4 ¥
g% Q4] AL
(A Multiple Classifier System based on Dynamic Classifier
Selection having Local Property)

L * +
s 8 2wy

(Hyeo-jung Song) (Baek-sop Kim)

'1.110

2 9 2 =Rt A9d 54 sE AL A4l A7) BgoR ANYE 74
£ ooE Q4] AAUE AR 2t sgdEeld el old seREe 22 Sud Q4]
§ vlolzazAA IR ek 7 gdEel: @) 01’2}4 dlolaz 94718 FelBTh B wRdAE A
4 7198 BT SVM} RBE 7S A8 SVMS % 744 Welel vol2z AAYIE AFEaT)
H2E Wge] A78E HAERE Fo) U}Olﬂi‘ﬂﬂﬂ—‘é— oA 5ol 1% B A S 44
@ ¥ YUY A2 N Suas A4 HAENE FUd QE daAEEe Q4% Ane
% 24 AR ASE.
Elena wloletlo] 2% Abgsiel 71Ee] € A47), ©E Q471 AF, ©F A47] A9 PEES
NS Wnd A% A ol $4Ee & & Uk
AU o A7) A2, BA 147 HE, A g

Abstract This paper proposes a multiple classifier system having massive micro classifiers. The
micro classifiers are trained by using a local set of training patterns. The k nearest neighboring
training patterns of one training pattern comprise the local region for training a micro classifier. Each
training pattern is incorporated with one or more micro classifiers. Two types of micro classifiers are
adapted in this paper : SVM with linear kernel and SVM with RBF kernel.

Classification is done by selecting the best micro classifier among the micro classifiers in vicinity
of incoming test pattern. To measure the goodness of each micro classifier, the weighted sum of
correctly classified training patterns in vicinity of the test pattern is used.

Experiments have been done on Elena database. Results show that the proposed method gives
better classification accuracy than any conventional classifiers like SVM, k-NN and the conventional
classifier combination/selection scheme,

Key words : Multiple Classifier System, Dynamic Classifier selection, local accuracy, SVM, local
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(a) 5-NN Classifier

(b) SVM Classifier (Linear)

(c) SVM Classifier (RBF)
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2.1 DCS_LA(Dynamic Classifier Selection by

Local Accuracy)
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2.3 M3CS(Multiple classifiers combination by

clustering and selection)
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