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Abstract

In this paper, a novel approach that makes use of both stape and color information to retrieve character images in terms of
similarity distance from a large-capacity image database or from a streaming image database, in particular, character image logo
or trademark. In order to combine both features of completely different characteristics bipartite matching has been employed in
computing similarity distance, The proposed method turned out to bealso very effective in matching natural object or
human-drawn images whose shape varies substantially.
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GHM WBM
NMRR 0.1133 0.0602
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