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Abstract

To solve the large scale optimization problem approximately, various approaches have been introduced. They
are mainly based on recent research advancement of simulations for evolutions, flocking, annealing, and
interactions among organisms on artificial environments. The typical ones are simulated annealing(SA), artificial
neural network(ANN), genetic algorithms(GA), tabu search(TS), etc.

Recently the particle swarm optimization(PSO) has been introduced. The PSO simulates the process of birds
flocking or fish schooling for food, as with the information of each agent is share by other agents. The PSO
technique has been applied to various optimization problems of which variables are continuous. However, there
are seldom trials for visualization of searching process.

This paper proposes a new visualization tool for searching process particle swarm optimization(PSQ) algorithm.
The proposed tool is effective for understanding the searching process of PSO method and educational for
students.
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