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Abstract

In this paper, we predict tracking performance of the probabilistic strongest neighbor filter
(PSNF). The PSNF is known to e consistent and superior to the probabilistic data association filter
(PDAF) in both performance and computation. The PSNF takes into account the probability that
the measurement with the strongest intensity in the neighborhood of the predicted target
measurement location is not target-originated. The tracking performance of the PSNF is quantified
in terms of its estimation error covariance matrix. The estimation error covariance matrix is
approximately evaluated by using the hybrid conditional average approach (HYCA). We performed
numerical experiments to show the validity of our performance prediction.

Key Word : Target-tracking, PSNF(Probabilistic Strongest Neighbor Filter), Performance
prediction, HYCA(HYbrid Conditional Average), Estimation
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