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(A Design of Adaptive Neural Network Filter to Remove
the Baseline Wander of ECG)
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Abstract

In this paper, it is studied to remove the baseline wander and to minimize the distortion of ST
segment in the noise filtering of ECG. In general, the standard filter and adaptive filter are used to
remove the baseline wander of the ECG. But the standard filter is limited because the frequency of
the baseline signal is variable and the apative filter is difficult to select the reference signal in case
of using the adaptive filter. So we proposed a new method of the structure without reference signal
using neural networks. To be corvinced of the performance of this method, we used ECG data of
MIT-BIHs. and obtained the result of the high performance,(-53.3[dB]) than standard filter
(-16.3[dB]) and adaptive filter (-44.9[dB]).
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Fig. 1. Structure of five order adaptive filter.
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Fig. 2. The block diagram of RBF neural filter.
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Table 2. Noise rejection ratio for 100 series.

(ST: Standard Filter, ADF: Adaptive
Filter, RBFNF: Radial Basis Function
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