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Abstract Fuzzy associative memory is very useful for machine learning and inference. To derive

an inference result effectively, this paper proposes.the method re-adjusting the connection weights
between the nodes of fuzzy associative memory using error back propagation, and simplifying the
fuzzy rules.

The proposed technique is applied to the field of shot transition detection. The shot transition
detection system is consisted of three phases, feature extraction, learning, and inference. The used
image features for learning and inference are correlation, intensity difference, and dissimilarity. And
the fuzzy membership function is generated by analyzing the histogram of each feature. The proposed

system is tested on 500 shots, and the experimental and comparative results are presented.
Key words : Shot Transition, Fuzzy Associative Memory, Back Propagation Algorithm
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