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Abstract : MRA(Multi-resolution analysis) algorithm by Wavelet and Morphology with 3x3 SQ(square) SE(structure element) is

efficient to remove ship’s radar clutter progressively and enhances detecting performance. Smoothing efficiency of RMM (Recursive
Mathematical Morphology) is better than that of Morphology. So, to get a better result than that of old algorithms, this paper
proposes a new MRA algorithm which uses Wavelet and Recursive Mathematical Morphology with 3x3 RHR(rhombus) SE. Simulation
result of the proposed algorithm shows that PSNR is 0.65~150db better than that of old method
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DAWT : Daubechies 23+ Wavelet Decomposition Transform

RD4WT : Daubechies 22H Wavelet Reconstruction Transform

3x3 RHR RMM_Op : 3x3 RHREEHIAE o] &3 RMM Opening Filter
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Fig. 3 Proposed MRA algorithm for progressively removing radar clutter by Wavelet and Recursive Mathe-

matical Morphology.
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Table 1| Comparing the result between proposed algorithm
and the old method.
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Fig. 4 Comparing the results of proposed algorithm with
the old method to 10% radar clutter image
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