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Segmentation of Immunohistochemical Breast Carcinoma
Images Using ML Classification

Heung-Kook Choi’

ABSTRACT

In this paper we are attempted to quantitative classification of the three object color regions on a RGB
image using of an improved ML(Maximum Likelihood) classification method. A RGB color image consists
of three bands i.e., red, green and blue. Therefore it has a 3 dimensional structure in view of the spectral
and spatial elements. The 3D structural voxels were projected in RGB cube wherefrom the ML method
applied. Between the conventionally and easily usable Box classification and the statistical ML classification
based on Bayesian decision theory, we compared and reviewed. Using the ML method we obtained a good
segmentation result to classify positive cell nucleus, negative cell nucleus and background on a immuno-
histological breast carcinoma image. Hopefully it is available to diagnosis and prognosis for cancer patients.
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