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Abstract

On the Tree Model grown by one-sided purity

Yongdai Kim*
Daewoo Choi*

Tree model is the most popular classification algorithm in data mining due to easy interpretation
of the result. In CART(Breiman ef al., 1984) and C4.5(Quinlan, 1993) which are representative of
tree algorithms, the split for classification proceeds to attain the homogeneous terminal nodes with
respect to the composition of levels in target variable. But, for instance, in the churn prediction
modeling for CRM(Customer Relationship management), the rate of churn is generally very low
although we are interested in mining the churners. Thus it is difficult to get accurate prediction model
using tree model based on the traditional split rule, such as gini or deviance.

Buja and Lee(1999) introduced a new split rule, one-sided purity for classifying minor
interesting group. In this paper, we compared one-sided purity with traditional split rule, deviance
analyzing churning vs. non-churning data of ISP company. Also reviewing the result of tree model
based on one-sided purity with some simulated data, we discussed problems and researchable topics.

Key words: tree model, split-rule, one-sided purity
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