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Nonlinear Programming Circuit using Neural Networks
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ABSTRACT

Since Hopfield introduced the neural network for linear programming problems, many papers have been published
about it and some of them are about nonlinear programming problems. Therefore, nonlinear cost function problem
has been solved, however nonlinear constraints problem has not been solved. In this paper, I have proposed the
general nonlinear programming neural networks which minimize nonlinear cost function with nonlinear constraints.

Key Words : Hopfield, Neural network, Linear program, Costfunction, Nonlinear constraints.
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Fig. 1. Linear programming Neural Networks(n
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