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A multi-layed neural network learning procedure and
generating architecture method for improving neural
network learning capability

Daesik Lee* - Jongtae Rhee**

g Abstract g

The well-known back-propagation algorithm for multi-layered neural network has successfully been applied to
pattern classification probiems with remarkable flexibility. Recently, the multi-layered neural network is used as a
powerful data mining tool. Nevertheless, in many cases with complex boundary of classification, the successful
learning is not guaranteed and the problems of long learning time and local minimum attraction restrict the field
application. In this paper, an Improved learning procedure of multi-layered neural network is proposed. The
procedure is based on the generalized delta rule but it is particular in the point that the architecture of network
is not fixed but enlarged during learning. That is, the number of hidden nodes or hidden layers are increased to
help finding the classification boundary and such procedure is controlled by entropy evaluation. The learning
speed and the pattern classification performance are analyzed and compared with the back-propagation al-

gorithm.
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