BREAXKREEPARIE
E3AE POH - 20017 121
pp. 701~711

AMAol o2 Mast F2U4 2FX A A=

Water Quality Forecasting at Gongju station in Geum River using
Neural Network Model

oF A} ﬂ'/?j ol g’"/ﬁl' of £ /o] x| P2

Ahn, Sang Jin / Yeon, In Sung / Han, Yang Su / Lee, Jae Kyung

Abstract

Forecasting of water quality variation is not an easy process due to the complicated nature of
various water quality factors and their interrelationships. The objective of this study is to test
the applicability of neural network models to the forecasting of the water quality at Gongju
station in Geum River. This is done by forecasting monthly water qualities such as DO, BOD,
and TN, and comparing with those obtained by ARIMA model. The neural network models of
this study use BP(Back Propagation) algorithm for training. In order to improve the performance
of the training, the models are tested in three different styles; MANN model which uses the
Moment-Adaptive learning rate method, LMNN model which uses the Levenberg-Marquardt
method, and MNN model which separates the hidden layers for judgement factors from the
hidden layers for water quality data. the results show that the forecasted water qualities are
reasonably close to the observed data. And the MNN model shows the best results among the
three models tested
keywords : Neural Network, Water Quality, Forecasting, ARIMA(Autoregressive Integrated

Moving Average), LMNN(Levenberg-Marquardt Neural Network), MANNMoment-
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