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Abstract Data mining refers to a set of techniques for discovering implicit and useful knowledge
from large database.

Many studies on data mining have been pursued and some of them have involved issues of temporal
data mining for discovering knowledge from temporal database, such as sequential pattern, similar
time sequence, cyclic and temporal association rules, etc. However, all of the works treat problems for
discovering temporal pattern from data which are stamped with time points and do not consider
problems for discovering knowledge from temporal interval data. For example, there are many
examples of temporal interval data that it can discover useful knowledge from. These include patient
histories, purchaser histories, web log, and so on.

Allen introduces relationships between intervals and operators for reasoning about relations
between intervals.

We present a new data mining technique that can discover temporal relation rules in temporal
interval data by using the Allen’s theory. In this paper, we present two new algorithms for discovering
temporal relationship. The first one, a preprocessing algorithm for the generalization of temporal
interval data, summarizes timestamp data into temporal interval data. The second one, a rule discovery
algorithm for generating temporal relation rules, discovers rules from temporal interval data. This
technique can discover more useful knowledge in compared with conventional data mining techniques.
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