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Design for CMAC Neural Network Speed Controller
of DC Motor by Digital Simulations
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ABSTRACT

In this paper, we propose a CMAC(Cerebellar Model Articulation Controller) neural network for controlling a
non-linear system. CMAC is a neural network that models the human cerebellum. CMAC uses a table
look-up method to resolve the complex non-linear systemn instead of a numerical calculation method. It is
very fast learn compared with other neural networks. It does not need a calculation time to generate control
signals. The simulation results show that the proposed CMAC controllers for a simple non-linear function
and a DC Motor speed control reduce tracking errors and improve the stability of its learning controllers.
The validity of the proposed CMAC controller is also proved by the real-time tension control.

Key Words : CMAC Neural Network, DC Motor, Speed Control, Tension Control, Non-linear control
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Table 1 Control parameters for simulation
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Table 2 Specifications of DC motor
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