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An Application of Spatial Classification Methods for the

Improvement of Classification Accuracy
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ABSTRACT

Spectral pattern recognition techniques are most used in classification of remotely sensed
data. Yet, in any real image, adjacent pixels are related, because imaging sensors acquire
significant portions of energy from adjacent pixels. And, with the continued improvement in the
spatial resolution of remote sensing systems, another spatial pattern recognition approach is
must considered.

In this study, we aim to show the potentiality of spatial classification methods through
comparing the accuracies of spectral classification methods and those of spectral classification
methods. By the comparisons between the two methods, classification accuracies of 6 different
spatial classification methods are higher than that of spectral classification method by 2-6% or
so. Additionally, we can show it statistically through the classification experiments with

different band combinations.
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