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Abstract Korean has the characteristics that case postpositions determine the syntactic roles of
phrases and a postposition may have more than one meanings. In particular, the adverbial postpositions
make translation from Korean to English difficult, because they can have various meanings. In this
paper, we describe a method for resolving such semantic ambiguities of Korean adverbial postpositions
using decision trees. The training examples for decision tree induction are extracted from a corpus
consisting of 0.5 million words, and the semantic roles for adverbial postpositions are classified into
25 classes. The lack of training examples in decision tree induction is overcome by clustering words
into classes using a greedy clustering algorithm. The cross validation results show that the presented
method achieved 76.2% of precision on the average, which means 26.0% improvement over the method
determining the semantic role of an adverbial postposition as the most frequently appearing role.
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Given n: the number of clusters we want
[step 1] Make a fully-connected weighted graph where
node = word
weight of the edge = augmented relative entropy between
words connected by the edge
[step 2) <i, j>=two nodes with a minimum augmented relative entropy
[step 3] k = a new node resulting from merging ¢ and j
[step 4) for all nodes ! such that [ + i and [ = jand [ * k
weight(/, k) = (weight(}, i) + weight(J, j)) / 2
[step 5] Remove node i and j from the graph.
{step 6] if(# of nodes in graph > n) then goto [step 2]
eise print words in each node.
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