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Abstract This paper explores neuro—fuzzy system in order to improve the software reliability
predictability from failure data. We performn numerical simulations for actual 10 failure count and 4
failure time data sets from different software projects with the various number of rules. Comparative
results for next-step prediction problem is presented to show the prediction ability of the neuro-fuzzy
system. Experimental results show that neuro-fuzzy system is adapt well across different software
projects. Also, performance of neuro-fuzzy system is favorably with the other well-known neural
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networks and statistical SRGMs.
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