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Abstract

Recently, X-ray chest radiography is showing a tendency to take an image of digital radiography
so as to diagnose the pathology of chest in a usual. When the radiologist observes the chest image
he feels difficult to find out the
pathological pattern because the quality of chest radiography is unequal. It takes amount of time

derived from digital radiography system on the monitor,

to adjust the proper image for diagnosis. Therefore, we propose the method of the chest image
equalization using neural networks and provide the compared result with histogram equalization
method.
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Fig. 1. proposed structure of chest image
equalization system.
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Fig. 3. outputs of median filter.
(a) original image within noise.
(b) outputs of median filter.
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