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ABSTRACT

We investigate the appropriate design and implementation of an Inductive Learning Alogrithm with a Neural
Network in order to solve both inconsistent indexing and incomplete query problems on the web. Specifically, the
proposed system based queries and documents in the field of Mathematics shows how inductive learning method
and neural networks can apply to information retreival. Also, this study examines all of parameters of the neural
networks -- the number of node in input and output, hidden layer size and learning parameters etc. -- which are
significant in determining how well the neural network will converge.
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25 0.009 0]
26 0.009 81
(E 6) 209 2430 thgt Ade AAH 45
sUE suE) ol e
27 27 0.025 200+
27 24 0.026 200+
27 25 0.05 200+
27 26 0.04 200+
27 23 0.04 200+
27 22 0.34 200+
27 21 0.35 200+
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A W] convergedtdth, oldl Az edz

(2) Sguliyfes 23

A5 A7 % (back-propagation neural
network)A| 282 F 7ie mi/fis & 2l
© (momentum)¥} 258 (learning rate)ell |
& 73lAl s et o] F19 Wl o)
g ol S AFde AE B A7Y F
sl golet. o|F F gguildgel] tigt o
FHQ gx ofH7RA] A7} o] FojR]A) &9k
ool & dFoME FRAN A 2-] A
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& D3 2
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AZAT] g2d 2ago] 0.9 8y
o] 0.5¢ 9 converge7} 713 Wgton o
Zolglo] 0.90|x2 gFge] 0.59 o Wt
™ Zalgdo] 0903 gsrEo] 0.9¢ W o
& 27 Adso] maldd) 845801(0.9, 0.5)
e (05 099 @& Ze Ao] v A
o8 H g Ade 7129 A8 dF
(Cherkassky and Vassilas 1989: Gersho and
Reiter 199)23¢} fAFH Vel A8 &
H, Gersho and Reiter(1990)« 939 A17%
< o83 U AT YEYAE FEAMN
2ol $-83ld= A7|Me B5E 06, &
ALE 0.9 AHgsisich maba, g5A3e A
2871 YEHAE FFHOR A7)
AsiMe grE L BalEe) ghe A2 AA)

Al ot Aog Bt

o rlo mu AN 2
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H# 7) 2D sEa st dedin

S48 2ulg ofe uEsis
0.5 0.9 0.01 24
0.9 0.9 0.01 76
05 0.5 0.01 80
09 05 0.01 A
05 0.25 0.01 120
0.9 0.25 0.01 65
0.5 0.1 0.01 146
09 0.1 0.01 78
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(53 1) A9 Asjo} 9 ol vk R 24

A le] 1:Composition Operators on the Spaces

AFEA

- Angular derivatives and compact composition operators on hardy and bergman spaces
- Composition operators

- The essential norm of a composition operator

220} 2: Combinatorics
AgeA

- Graphs and hypergraphs
- Advanced Combinatorics
- Graph Theory

Aojo] 3: Complex Analysis

AEA

- An introduction to complex analysis

- Complex Analysis

- Complex Analysis and its application

- Analytic functions of one complex variable

- Function theory of several complex variables
- Conformal mapping

- complex numbers and conformal mapping

Zo)o} 4: Weak type estimates for maximal operators on certain Hp classes
AN

- A maximal function with applications to Fourier Series

- The molecular Characterization of certain hardy spaces

- Introduction to fourier analysis on Euclidean spaces

A2]o}5: Real Analysis

2 EA

- Concepts of real analysis

- Geometric measure theory

- Measure theory and integration
- Elementary real analysis

- A first course in real analysis

- Contributions to Fourier analysis

Aolo} 6: Stochastic process
- Introduction to Probability
- An introduction to probability and stochastic process
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Zeloy 7: Approximation on Scattered Data

A2

- Radial basis function approximation: from gridded centers to scattered centers
- Multivariate interpolation with radial basis functions

- Function analysis

Zojo] 8: Numerical Analysis

A2

- Numerical Analysis: an Introduction

- Numerical Analysis and mathematical modeling
- Mathematical analysis

- Mathematical analysis and numerical methods

29]019: Fourier integrals in classical analysis

ZLER

- Inequalities for strongly singular convolution

~ Average in the plane over convex curves and maximal operators
- Pseudodifferential operators

Z2lo} 10:Lie Theory and Representation theory
AP

- Rational methods: Lie Algebra

- Representation Theory




