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Abstract

Most of speech recognition systems are using Hidden Markov Model based on statistical
modelling frequently. In Korean isolated telephone digit speech recognition, high recognition rate is
gained by using HMM if many training data are given. But in Korean continuous telephone digit
speech recognition, HMM has some limitations for similar telephone digits. In this paper we suggest
a way to overcome some limitations of HMM by using discriminant learning based on minimal
classification error criterion in Korean continuous telephone digit speech recognition. The

experimental results show our method has high recognition rate for similar telephone digits.
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Table 2. Recognition rate using discriminant
learning.
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