46 i

7ke.8 A7 23} PDAleY7])E o] 43

#w3X00-375C-6-6

719 € 2

Fob 2329 AAA ofol

w3

At

73} PDAY|Z ol 84 Ful 23] Az Aol

et o3

(A Study on Trajectory Control of PUMA Robot using
Chaotic Neural Networks and PD Controller)

R E

e -

(Chang-Wha Jang, Sang-Hee Kim, and Hee-Wook Ahn)

(@)
i

Al A
o

mhEe] Ze FAEHE AAn
o] A E sl & Eee
] 5]

T

]

Az
al 4

th

4 5% ARAS oo A% APASe A 2 W) APASE
Stk aeht A9 9 g6 EAlHe
2o Flod ATE
A7) Sl Bslo] ARGk A AT 29 ARE Faj 3
A= 11101 o HEsiedeh eH 44% Aor)e PD Alel)sh Hez Po s 27)
Fuaigds, Aelae] sla8ge uashe uah Aolsle] odue

7

3254 PD A1718 o163 2 Aol ARALA Wl B3k Al Ahe

S e, RS R
Qlgle} A 4

Al Eofell A-83817] 13}

SealEg stk

Abstract

This paper presents a direct adaptive control of robot system using chaotic neural networks and

PD controller. The chaotic neural networks have robust nonlinear dynamic characteristics because
of the sufficient nonlinearity in neuron itself, and the additional self-feedback and inter—connecting

weights between neurons in same layer. Since the structure and the learning method are not

appropriate for applying in control system,

this neural networks have not been applied. In this

paper, a modified chaotic neural networks is presented for dynamic control system. To evaluate the

performance of the proposed neural networks, these networks are applied to the trajectory control
of the three-axis PUMA robot. The structure of controller consists of PD controller and chaotic
neural networks in parallel for conforming the stability in initial learning phase. Therefore, the
chaotic neural network controller acts as a compensating controller of PD controller.
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