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Abstract

. Fault diagnosis plays an important role in the performance and safe operation of many modern engineering

plants. This paper investigates the problem of fault detection using neural networks in dynamic systems. A general
framework for constructing a nonlinear fault detection scheme for nonlinear dynamic systems containing modeling
uncertainty is proposed. The main idea behind the proposed approach is to monitor the physical system with an off-line
learning neural network and then to approximate the upper and lower thresholds of acceleration of the nominal system
with the model-based threshold(ThMB) method. The performance of the proposed fault detection scheme is investigated

through simulations of a pendulum with uncertainty.
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Fig. 1. Structure of a multi-layer neural network.
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