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Fuzzy Neural System Modeling using Fuzzy Entropy

In Kue Park’

ABSTRACT

In this paper We describe an algorithm which is devised for the partition of the input space and the
generation of fuzzy rules by the fuzzy entropy and tested with the time series prediction problem using
Mackey-Glass chaotic time series. This method divides the input space into several fuzzy regions and
assigns a degree of each of the generated rules for the partitioned subspaces from the given data using
the Shannon function and fuzzy entropy function generating the optimal knowledge base without the
irrelevant rules. In this scheme the hasic idea of the fuzzyv neural network is to realize the fuzzy rule
base and the process of reasoning by neural network and to make the corresponding parameters of the
fuzzy control rules be adapted by the steepest descent algorithm. The proposed algorithm has been
naturally derived by means of the synergistic combination of the approximative approach and the
descriptive approach. Each output of the rule's consequences has expressed with its connection weights
in order to minimize the system parameters and reduce its complexities.
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