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An Improved New RLS Algorithm with Forgetting Factor
of Erlang Function for System Identification
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(Jin-wuk Seok, Kyung-Sam Choi, Jong-soo Lee, and Seong-won Cho)

Abstract : In this paper, we present an effective RLS algorithm with forgetting factor of Erlang function for
the system identification. In the proposed algorithm, the forgetting factor decreases monotonically in the first
stage, and then it increases monotonically in the second stage in contrary to the conventional forgetting factor
RLS Algorithms. In addition, annealing effect and an asymptotically stability of the proposed algarithm is
discussed based on the analysis of convergence property on. Simulation results for the system identification
problem indicate the superiority of the proposed algorithm in comparison to the RLS algorithms such as NLMS

and Kalman filter based algorithm.
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rameter in the proposed algorithm.
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