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A Study on the Effective Database Marketing using
Data Mining Technique(CHAID)

Sin-Kon Kim*

Abstract

increasing number of companies recognize that the understanding of customers and their markets is
indispensable for their survival and business success. The companies are rapidly increasing the
amount of investments to develop customer databases which is the basis for the database marketing
activities. Database marketing is closely related to data mining. Data mining is the non-trivial
extraction of implicit, previously unknown and potentially useful knowledge or patterns from large data.
Data mining applied to database marketing can make a great contribution to reinforce the company’s
competitiveness and sustainable competitive advantages.

This paper develops the classification model to select the most responsible customers from the
customer databases for telemarketing system and evaluates the performance of the developed model
using LIFT measure. The model employs the decision tree algorithm, i.e., CHAID which is one of the
well-known data mining techniques. This paper also represents the effective database marketing
strategy by applying the data mining technique to a credit card company’s telemarketing system.
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Node | Node n|Node %|Cumul. N CI:“,‘);I' Respin | Resp:% g‘;‘s’;“; S;E‘;) Gain % g:]’:“ol/o I\i‘;?te C‘fi‘;ﬂ‘
17 | 243 | 103 | 243 103 | 233 | 2056 | 233 | 2056 | %83 | %88 | 1993 | 1993
16 | 211 | 090 | 454 193 | 178 | 1571 | 411 | 328 | 8436 | 9053 | 1754 | 1882
6 | % | 040 | 549 233 | 33 | 291 | 444 | 3919 | 3474 | 8087 | 722 | 1681
7 | 174 | o074 | 723 307 | 40 | 353 | 484 | 4272 | 299 | 6694 | 478 | 1392
14| 74 | 031 | 797 338 | 13 | 115 | 497 | 4387 | 1757 | 6236 | 365 | 1296
11| 15 | 064 | o7 402 | 19 | 168 | 516 | 4554 | 1267 | 5449 | 263 | 1133
13 ] 230 | 098 | 177 | 49 | 20 | 177 | 5% | 4731 | 870 | 4554 | 181 | 947
4 | 4154 | 2007 | 5931 | 2516 | 260 | 229 | 7% | 7026 | 547 | 1342 | 114 | 279
10 | 17492 | 7421 | 23423 | 9937 | 337 | 2974 | 1133 | 10000 | 193 | 484 | 040 | 101
5 | 149 | 063 | 23572 | 10000 | 0 | 000 | 1133 | 10000 | 000 | 481 | 000 | 100
A | 23572 1133
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Cumul.| Cumul. . Cumul. | Node | Cumul.
0, 0, - -0, 0,

Node | Node n|Node % |Cumul. N|Cumul.n % |Resp:n| Resp:% Respn | Resp:% Gain % Gain %! Lift Lift
17 92 0.91 92 0.91 90 | 1887 0 1887 | 97.83 | 97.83 | 2073 | 20.73
16 67 0.66 159 157 55 11.53 145 30.40 8209 | 9119 | 1739 [ 1932
6 55 0.54 214 2.12 19 3.98 164 3438 | 3455 | 7664 7.32 16.24
7 76 0.75 290 2.87 18 3.77 182 38.16 2368 | 62.76 5.02 13.30
14 110 1.09 400 3.96 15 |- 314 197 41.30 1364 | 49.25 2.89 10.43
11 36 0.36 436 4.32 4 0.84 201 42,14 1111 | 46.10 2.35 9.77
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5 69 0.68 10103 100.00 1 0.21 477 100.00 145 4.72 0.31 1.00
A | 10103 477

(E 5 X M B(Misclassification Matrix)
Misclassification Matrix
Actual Category Actual Category
Non-Response | Response Total Non-Response | Response total
Predicted Non-Response 22396 722 23118 9612 332 9944
Catego Response 43 411 454 14 145 159
ategory Total 22439 1133 23572 %26 477 10103
Learning Sample Testing Sample
Risk Estimate 0.0324538 0.0342473
SE of Risk Estimate 0.00115417 0.00180934
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