Noise Filtering of ECG signal using RBF Neural Networks
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Abstract

The ECG signal is very important information for diagnosis of patient and a cardiac disorder. That signal
is hard to filter the noise because that is mixed with a lot of noise, and the error of the filtering will
distort the ECG signal. The existing method for the filtering of the ECG signal has structure that has many
steps for filtering, so that structure is complex and the processing speed is slow. For the improvement of
that problem, we propose the method of filtering that has simple structure using the RBF neural networks
and have good results.
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