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Abstract

In the logic where we study the principle and method of human, the binary logic with the
proposition which has one-valued property that it can be assigned the truth value "truth” or
“false’. Although most of the traditional binary logic which was drawn by human includes
fuzziness hard to deal with, the knowledge for expressing it is not precise and has less
degree of credit. This study uses multi-valued logic in order to slove the problem above that.
When compared with the data processing ability of the binary logic, Multi-valued logic has an
at a high speed. Therefore the Inference can be possible by minimization multi-valued logic in
stead of using the information stead of using the information system based on the symbolic
binary logic.
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Rulel :IF X,isaand Xjyis a

THEN X;ise

Rule 2 : IF X;isaand Xsisb

THEN Xjise

Rule 3: IF X,isaand Xyisc¢

THEN X;ise

Rule4 : IF X ,isaand Xyise

THEN Xjisd

Rule 5:IF X,isaand X,is a

THEN Xjsisd

Rule6 : IF X ,isband X,is a

THEN X; is d

Rule 7: IF X ,isband X,isb

THEN Xjisd

Rule 8 1 IF X;isband X,isc

THEN Xjis d

Rule 9: IF X ;isband X,is d

THEN Xjisc

Rule 10 : IF X ,isband X, is e
THEN Xjisc

Rule 11 : IF X;iscand Xyisa
THEN Xjis c

Rule 12 : IF X iscand X,isb
THEN Xjisc

Rule 13 : IF X iscand Xyisc
THEN Xj;is ¢
Rule 14 : IF X iscand X is d
THEN X is b
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Rule 1 : IF X, is a and X, is SMALL
THEN X3 is e

Rule 2 : IF X ,isaand X,isc
THEN X3 is e

Rule 3 : IF X, is a and X, is LARGE
THEN X; is d

Rule 4 : IF X; is b and X, is SMALL
THEN X; is d

Rule 5 IF X ;isband Xsisc
THEN X, is d

Rule 6 : IF X is b and X, is LARGE
THEN Xjisc

Rule 7 : IF X is ¢ and X, is SMALL
THEN X;isc

Rule 8 : IF X ,iscand X,is ¢
THEN X3 is ¢

Rule 9 : IF X, is ¢ and X, is LARGE
THEN X;isb

Rule 10 : IF X, is d and X, is SMALL
THEN Xj;isb

Rule 11 1 IF X isd and X isc
THEN X;is b

Rule 12 : IF X, is d and X, is LARGE
THEN Xjis a

Rule 13 : IF X, is e and X, is SMALL
THEN X;is a

Rule 14 : IF X ,iseand X,isc¢
THEN X;is a

Rule 15 : IF X, is e and X, is LARGE
THEN X, is a

Rule 129 Rule 15% ©A] Minimization ¥ojA},
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Rule 1 : IF X, is a and X, is SMALL
THEN e

Rule 2 : IF X, is a and X, is ¢ THEN e
Rule 3 ' IF X, is a and X, is LARGE
THEN d

Rule 4 : IF X
THEN d

Rule 5 : IF X
Rule 6 : IF X
THEN ¢

Rule 7 : IF X, is ¢ and X, is SMALL
THEN ¢

Rule 8 : IF X, is c and X, is ¢ THEN ¢
Rule 9 : IF X

THEN b
Rule 10 :
THEN b

is b and X, is SMALL

—_

is b and X5 is ¢ THEN d
is b and X, is LARGE

b—

—

is ¢ and X5 is LARGE

—

IF X;is dand X, is SMALL
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Rule 11 : IF X, is d and X, is ¢ THEN b
Rule 12 : IF X, is LARGE and X, is
LARGE THEN a

Rule 13 : IF X, is e and X, is SMALL
THEN d _

Rule 14 : IF X, iseand Xy isc

THEN a
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