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A New Type of the Elman Neural Network
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Abstract

The neural network is a static network that consists of a number of layer: input layer,
output layer and one or more hidden layer connected in a feed forward way. The
popularity of neural network appear to be its ability of learning and approximation
capability. The Elman Neural Network proposed the J. Elman, is a type of recurrent
network. Is has the feedback links from hidden layer to context layer. So Elman Neural
Network is the better performance than the neural network.

In this paper, we propose the Modified Elman Neural Network. The structure of a
MENN is based on the basic ENN. The recurrency of the network is due to the feedback
links from the output layer and the hidden layer to the context layer.

In order to certify the usefulness of the proposed method, the MENN apply to the X-Y
cartesian tracking system. Simulation shows that the proposed MENN method is better
performance than the multi layer neural network and ENN.
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