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Abstract We consider generalized exponential regression model with randomly censored data and
propose a modified Fisher scoring method which estimates the model parameters. For this, the likelihood
equations are derived and then the estimating algorithm is developed. We illustrate the proposed method

using a real data.
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2 7753 -0.142 149739 -2.320 143450  -1946
3 1153  -0211 147763 -2.148 149439 -2.180
4 17091  -0.313 143463 -1713 152141  -2.444
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