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Edge Preserving Image Compression with Weighted Centroid
Neural Network
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ABSTRACT

A new image compression method to preserve edge characteristics in reconstructed images using an
unsupervised learning neural network is proposed in this paper. By the unsupervised competitive learning which
generalizes previously proposed Centroid Neural Network(CNN) algorithm with the geometric characteristics of
edge arca and statistical characteristics of image data, more codevectors are allocated in the edge areas to provide
the more accurate edges in reconstructed image. Experimental results show that the proposed method gives
improved edge characteristics in reconstructed images when compared with SOM, ‘Modified SOM and M/R-CNN.
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