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ABSTRACT

Some observed weather spectra show that nearly 25% of weather spectra are seriously skewed and can not be
considered to be symmetric. However, the conventional pulse pair method was derived and has been evaluated
under the assumption that the weather spectrum is symmetric and narrow. This means that the conventional pulse
pair method may need reevaluation. Therefore, this paper analyzed the bias errors of pulse pair estimates in the
skewed spectra. The bias errors of pulse pair mean estimates are more serious comparing with the pulse pair
width estimates. In this paper, the poly-pulse pair method is suggested to reduce these bias errors of mean
estimates. It was shown that the mean bias errors can be reduced remarkably using the newly suggested
poly-pulse pair method.
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