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e | ]
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Type_Car PROMOTION
Income_Level
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promo_begin_date
promo_end date
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- E(x): x is an employee.

- P(x): x is president.

- i(x): the income of x(function).

- GE(u,v): u is greater than or equal to v.
- S(x): x is sick today.

- T(x): x pays taxes.
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