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Abstract

This paper is proposed a new method to deal with the optimized auto-tuning for the PID
controller which is used to the process-control in various fields. First of all, in this method, Ist
order delay system with dead time which is modelled from the unit step response of the system
1s Padé-approximated, then initial values are determined by the Ziegler-Nichols method. So we
can find the parameters of PID controller so as to minimize the fuzzy criterion function which
includes the maximum overshoot, damping ratio, rising time and settling time. Finally, after
studying the parameters of PID controller by Backpropagation of Neural-Network, when we give
new K, L, T values to Neural-Network, the optimized parameter of PID controller is found by
Neural-Network Program.
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