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Abstract

The present paper describes the problem of hydrologic response estimation using non—parametric
ridge regression method. The method adapted in this work is based on the minimization of the C,.
statistics, which is an estimate of the mean square prediction error. For this method, effects of
using both the identity matrix and the Laplacian matrix were considered. In addition, we
evaluated methods for estimating the error variance of the impulse response. As a result of
analyzing synthetic and real data, a good estimation was made when the Laplacian matrix for the
weighting matrix and the bias corrected estimate for the error variance were used. The method
and procedure presented in present paper will play a robust and effective role on separating
hydrologic response.
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