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Abstract : A fuzzy-ART(adaplive resonance theory) network for the PVC(premature ventricular contraction) classification using wavelet
coefficient is designed. This network consists of the feature extraciion and learning of the fuzzy-ART network. In the first step, we have
detected the QRS from the ECG signal in order to set the threshold range for feature exiraciion and the deiected QRS was divided inlo
several frequency bands by wavelet transformation using Haar wavelet. Among the low-lrequency bands, only the 6lh coellicient(D6) are
selected as the inpul leature. Alter lhat, the fuzzy-ART network for classification of the PVC is learned by using input fealure which
comprises of hinary data converted by applying threshold to D6. The MIT/BIH database including the PVC is used [or the evaluation.
The designed fumy-ART network showed the PVC classification ratio of 96.52%.
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Table 1. Performance of PVC dassification using designed fuzzy-
ART netwaork

Record | PVC7j% | FN P [EAA%(%)
T106 520 15 5 96.15
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T119 144 0 2 99.55
T200 826 13 2 98.18
7203 441 51 17 84.68
T210 194 6 8 92.78
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Total 4507 106 53 96.52
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