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(Automatic Extraction of the Facial Feature Points Using
Moving Color)
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Abstract

This paper presents an automatic facial feature point extraction algorithm in sequential color
images. To extract facial region in the video sequence, a moving color detection technique is proposed
that emphasize moving skin color region by applying motion detection algorithm on the skin-color
transformed images. The threshold value for the pixel difference detection is also decided according
to the transformed pixel value that represents the probability of the desired color information. Eye
candidate regions are selected using both of the black/white color information inside the skin-color
region and the valley information of the moving skin region detected using morphological operators.
Eye region is finally decided by the geometrical relationship of the eyes and eyebrows. The mouth
region is also selected from the geometrical relationship of the eyes and color histogram. To decide
the exact feature points, the PCA(Principal Component Analysis) is used on each eye and mouth
regions. Experimental results show that the feature points of eye and mouth can be obtained correctly
irrespective of background, direction and size of face.
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Table 1. Measured Facial Color distribution
of Fig. 2.
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Result of WUPC (f) Results of AWUPC
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