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Abstract

A Hausdorff distance (HD) is one of commonly used measures for object matching. It calculates
the distance between two point sets of edges in two~-dimensional binary images without establishing
correspondences. This paper proposes three object matching algorithms using robust HD measures
based on M-estimation, least trimmed square (L'TS), and «-trimmed mean methods, which are more
efficient than the conventional HD measures. By computer simulation with synthetic and real images,
the matching performance of the conventional HD measures and proposed ‘robust ones is compared.
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Fig. 3. Matching result of a synthetic test image.
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